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Abstract

Because not all the features of the data are important and vital to
find the knowledge that is hidden in them; Reducing their
characteristic dimensions is one of the important topics. Therefore,
in this article, a new method using the sine-cosine algorithm with a
multiple optimization approach is presented in the field of feature
selection. The proposed method is presented in the wrapper feature
selection model (a set of evaluation function algorithms based on
the classifier error rate) and has two stages, which include the
feature selection stage using the multiple sine-cosine algorithm and
the stage of classifying possible answers in the sine-cosine
algorithm with the method the nearest neighbor is developed. The
proposed method has been tested on the standard UCI dataset in
datasets with different dimensions.The comparison of the proposed
method with multiple and single optimization methods shows that
in general, the proposed method has been able to reduce the number
of features by more than 5% compared to other methods, and has
improved the accuracy of the classification compared to the best
results of other methods, to have an average improvement of about
2 percent.
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