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Abstract

In this research, Markov reinforcement learning has been used to
predict the second structure of the protein to assign the validity of
the classifier system and the accuracy of the classifier. Markov
reinforcement learning is used in the learning cluster system instead
of the Bucket Brigade algorithm. The Protein Data Bank dataset has
been used for learning and training the system. 4L1W protein with
5741 samples, 70% for learning and 30% for training. After training
the system, a number of valuable rules were produced, which were
used in the test phase to predict the second structure of the protein.
The results of the experiments showed that the learning of the
improved learner classifier system and the improved eXtended
learner classifier increased with Markov reinforcement learning.
Considering that in Markov reinforcement learning, the scoring
response is improved for each rule or classifier. Therefore, a more
complete scoring method has been performed and the prediction
accuracy of each rule or 85 classifiers has been improved.
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