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4 cross domain recommender system
> Graph Cross Domain Recommender System
¢ graph neural network
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2 cold start
3 data sparsity
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7 latent factor

8 Cross-Domain Latent Feature Mapping (CDLFM)
9 Personalized Transfer of User Preferences for
Cross-domain Recommendation (PTUPCDR)

10 Semi-Supervised framework for Cross-Domain
Recommendation
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! collective matrix factorization

2 embedding

3 mapping

4 capturing aspect correlations

5 general matrix factorization

¢ Dual-Target Cross-Domain Recommendation
(DTCDR)
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4 spectral
3 spatial
¢ Neural Social Collaborative Ranking(NSCR)

Ve

VY dl.’;.\..\t\j)t.@_: ;Jﬁ‘o)wufjh JL.« WI:LA ;I:’)'h &bj)ks_gdj’a.: LSL“Q:"“}}:’

Lal 5l glas same &S Aies glosls Jltle o lacsl S
Sl G Ol pea S o Jka | (aad) ol dalss 5 (e 5)
Jebosi g4 25 edle 6555k (Sl 2 i B el
5 Shad st g oS gluaib b alby SIS
2ol S wi[8] olal aseis

Lt Goas (500 p e Gl s, SIS eae glaesd
s 8805 S (AMS aasiiie S o fes GBS ej s 534S
oSl 5 Sl sl sae S ms e ply Jla)l (B1S
Db 5a0% lees glae S Ll dsli Lo 5 a il
sl Slalee gladsile bl 315 e el
o2l QT@,:;A{M\;UMSM

JLsldgsl .

U s e oslinud Lo § o Slelbl Lixnl gl Lasl Jasle
Slelbl a5 (S Slellbl o Ll amd)jcq el
5 AP e Olanl gladsile 53 a8 LiS 1) gdes
Solelbl goslanr slp Jsemeyba | 22551 Shes
T el Glles 5 S s spd e eslizal O Lues
Je s e S wsdS b oLl 5l el L;,,TC,}_ Sl
g e o3l Tu 5l (g5l s S

Solop aiged dgsb m

sbadsile o 5L Sy bl S s lisl Jes plmil 51
Jo3le b sols s ised Ju3le Jyamessbas cals (S)la 4500
By S S L

plesl dgsle =

S UL e sl S L OIS 5 oLl 4 S e
5kiss5e e S 51 lelbl sl (sl plesl slad 53k (ol

Llea

b Dl ol S5 L Upene 1S e 03 0USS
Ugone SIS 51 e olaisl 050 Sz & gl 553 00
sl s L e sl X2 ol ol 51 sl

!recurrent
2 skip connection
3 over-smoothing
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3 encoding
4 bipartite
3 encoder
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! Relation Expansion based Cross Domain
Recommendation

2 Cross-domain recommendation framework via
Aspect Transfer Network (CATN)
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Abstract

Today, the amount and importance of data available on the Internet
is increasing exponentially, so choosing a suitable option from
among many options can be tiring and time-consuming. The goal of
recommendation systems is to facilitate this process by finding the
right items that are of most interest to users. EXisting
recommendation systems suffer from common problems such as
data sparsity, cold start, and new user problems. In this article, the
main focus is on using information from other domains to create
cross-domain recommendation systems. The proposed cross-
domain systems can manage cold start situations and new users. In
this article, first, a model based on convolutional graph neural
networks discovers the interaction pattern of users and items in each
domain independently, and in the next step, a neural network is used
to transfer representation for cold-start users from the source
domain to the target domain. The results show that the proposed
model has a better performance compared to other proposed models
for estimating the recorded score for the items.
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